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:: Spatial pyramid saliency map construction:

ll L(e,y) = 3 Mi(a.y) 1 S Conclusions and Discussions:

PR Ry " Propose a convolutional neural network based
Object localization: spatial pyramid saliency map to localize object.

= Up-sample the saliency map into the size of the input image. | " Experimental results on Cub-200 dataset verify the
= Highlight the object with this saliency map. effectiveness of the proposed model.
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