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Introduction

Conclusions

» Contrastive-based joint learning indeed help
uncover the discriminative information.

» E-CCN slightly negatively impacts the results
of face condition, but improves the overall
prediction results after fusion.

»\We found rOFA and rFFA show up together
In neutral face condition In high-performance
group while low-performance group -either
misses rFFA or involves with high-level ROI
such as |ATL and hippocampus.

Experimental setup and results

» The ability to recognize face identity IS
a key social component and 1s highly
related to brain functional connectivity.
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>Face perception including low level =
visual retrieval to high level emotion iy
recognition worth further discussion In
different brain pattern under distinct
stage.

»QOur framework 1s learned based on 1V | @ ===
Node2Vec and additionally optimized N YV D =
with contrastive loss to enhance EXDrCASivE Face o
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H(p.q) = - ZP(x)log q(x)

clustering between representation under

same stages — por= »Incorporating event-conditioned constraint In
| E1-Object E2-Nface E3-Eface Fusion E1-Object E2-Nface  E3-Eface Fusion Iearlnc:rl]:)g It\IO_dEZdVeC(,j StUCh tgat the complete model
could be trained end-to-end.
ICA 55.79 55.68 60.95 62.32 60.47 65.38 59.40 61.32 _ _

Research Methodology PCA 64.32 60.32 62.32 64.95 49.16 58.55 54.91 59.40 »We would like to apply our method in other
> Participants: We recruited 44 subjects | Graph-SVM| 64.32 64.32 64.32 67.57 61.32 61.32 62.39 65.17 bram-re_lated _dlseas_e such  as autism and
' _ dementia, which will hopefully bring further

to conduct one-back working memory DeepWialk 53.05 51.58 63.47 62.95 61.32 70.73 68.80 68.80 e | | |
tast with th inds of ¢ cotti LINE 55.78 45.16 51.79 59.07 58.33 53.21 64.74 64.32 |q3|ghts In understanding the brain ne_twork
st With three Kinds o1 event Setng, 1 nogeovec | 58.55 72.65 69.02 73.72 63.68 78.42 63.68 30.34 differences between healthy control and patients.

l.e., object, neutral face and expressive

face Images.
»TMRI Experiment: Block design with

E-cCN 74.95 71.58 62.95 80.20 79.27 76.71 79.49 82.05
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