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Introduction

The detection of surface cracks have wide commercial

applications in road safety, building, transportation and off-

shore inspection. To perform real-time crack detection and

segmentation, we follow the below steps:

• First, we follow a semi-automatic sampling procedure to

generate dense bounding boxes of crack patches in raw

images.

• We use Faster R-CNN to obtain a crack detection model,

while training a ConvNet to recognize detected crack patch

orientations.

• We develop a Bayesian fusion algorithm to remove false

alarms from detected crack patches, and apply a morphology

operation to obtain crack segmentation masks in images.

Our Approach

Fig.3 A comparison of results using selected crack images.
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Bayesian Fusion Algorithm

Based on the consistency of  the spatial and orientation of two 

adjacent detections, xj and xi to suppress false alarm.
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Fig.1 Illustration of Bayesian fusion effect in sample images.

Fig.2 Illustration of the crack segmentation mask extraction.
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