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= Compatible with CMOS Image Sensors applications: 23 A > PO = (p{, .., pS)) € {0,131 e, with p{? € {0,1}" is a
=» Low silicon footprint. 2 . / random permutation matrix applied to the jt" row of U.
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= Low memory needs for inference tasks. ADC & averaging for the bottom row. modulation vector applied to the j** row of U.

= Outperforms state-of-the-art compressive imaging =» Tuned compression ratios through multiple snapshots s
CMOS implementations. Apply a random modulation £1, per-row random permutation, (1 <s < n,).

averaging by column to extract a compressed vector.
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RIP (Restricted Isometry Property) = Recovery of sparse 128 x 128 images. = Inference for two object recognition tasks.
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