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* Relaxed OIFT lies between the pure OIFT at one end and the
extension of Random Walks (RW) to digraphs by Singaraju et al.
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* As proposed by [Malmberg et al., 2010], for an initial computed * |n our solution, we perform a relaxation step, after setting the
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EXPERIMENTAL RESULTS CONCLUSION
BACKGROUND: OIFT * Talus bone: 5 0 * Relaxed OIFT improved the perceived quality of the
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