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demosaicing SS| images is not a good

strategy. Instead, unmixing from the
SSI data is far better!
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Assumptions required for the proposed method

» Assumption 1 (Pure Patch Assumption)
For each endmember, there exists at least one sensor “patch” where only this endmember is
present.
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» Demosaicing = providing a datacube with full spectral information & good spatial resolution.
» Various approaches have been proposed:

» Weighted bilinear interpolation (WB)
» lterative Spectral Difference (1tSD)

» Multispectral demosaicing approach using a
pseudo-panchromatic image (PPID)
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» Assumption 2

> Binary Tree-Based Generic Demosaicing (BTES) In the patches where several endmembers are present, their abundances significantly vary over
» Graph and rank regularized method (GRMR) each patch

» Multiple Deep Learning approaches
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Figure: Principles of the two-step (in green) and joint (in

red) strategies. » Reconstruction quality is measured in terms of Peak Signal-to-Noise Ratio (PSNR, in dB) while O
the unmixing enhancement is measured using Signal-to-Interference Ratio (SIR, in dB), Mixing r
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