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1. DSP: Linear echo canceller (LEC)
2. Al: Neural network (NN) based postfilter a.k.a. deep echo suppression
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AFB/SFB: Analysis/Synthesis filter bank
Real-time demo on reference platform

Neural Network Residual Echo Suppressor

Scenarios covered: Single-talk near-end/far-end (EQUEST), double-talk nom./max.,

* NN Topology: 2 x GRU layers + 3 x FF layers hovering on device, speaker movement, echo path change, ...

* Train loss: Complex compressed MSE (NN output and NE ref.)
 Frame setup: block length = 32 ms, overlap = 75%
 B: mel transform, #mel = 100
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