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where X, is the feature cuboid.

v" The dynamic tracking attention model (DTAM), which
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long short-term men"!ory (LSTM), is pro.posed. . LST™ S L5TM™ JLST™ . The UCF-11 dataset contains 1599 videos with 11 classes of
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videos. It effectively fetches information between 7 t t . . . - .
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v" The recognition rate of the proposed algorithm is 3.6% and
4.5% higher than that of the CNN-LSTMs with and without v i el X baicnfs x - Comparison of DTAM with/without adjustment
the attention model, respectively

playing, swinging, tennis-playing, and dog-walking.
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Riding horse 96% 96% 98%

3. Proposed Method i

Basketball shooting 57.6% 72.7% 75.8%

. . . (a) Sequential (b) Optical flow  (¢) Pseudo colorized Playing v_ollcyba]l 96‘%, 96% i
Dynamlc tracklng attention model (DTAM), RGB images. images. optical flow image. S.wmg ) 73.3% 83'3:/“ 80?{?
It not only considers the information about motion but also Optical flow image Pﬁj&'ﬁ'ﬁ:ﬁ: s;[',ﬁ? ?9263/:“ _f“://
perform dynamic tracking of objects in videos.
p Results of action recognition obtained using the
‘ hybrid attention model with different weights.
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