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Fig.1 Iris samples from the database. The first two subjects, both left and right eyes are acquired by Saﬁlples : v v S oW A
samples are from reflex camera and the last two are from l - l | H
smaftphone 2&/0 dlfgelge%ocame;/azs .81? h(;[anonIfWOO camera with A ~ssh € We calculate EER values for both cameras by
. —AQIlP . . . o o
Ahot . ACto LEns | —AQl omitting lowest quality 1ris sample one by one
(18 Megapixels) and a Google Nexus 5 smartphone embedded camera (8 Megapixels). 15 samples are —] —pcTse until only one highest quality iris sample
. . . . e e e SSE
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