PMHI: Proposals from Motion History Images for Temporal Segmentation of

Long Uncut Videos
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Results Conclusion
Datasets:

MuHAVI-uncut: Untrimmed videos from 8 cameras. CCD: Untrimmed videos from 5 different scenarios.  PMHI segments the

uncut video by producing
non-overlapping action

Comparison with Action Proposals from dense Trajectories (APT) [12]
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Energy of consecutive MHIS Recall  Precision  Recall Precision Recall Precision Recall Precision | proposals.
PMHI (our) APT [12] PMHI (our) APT [12] » It is unsupervised and
Contribution Video Name MuHAVi- uncut dataset Video Name CCD dataset hence It saves time for
» Propose a method, Proposals from Motion History | C1l:Cameral 94.1 80.0 50.0 53.0 V1:corridor 30 66.7 20.0 35.7 |0_”9 and complex
Images (PMHI), which generates the temporal | C2:Camera?2 53.0 50.0 100 54 4 V2:diningRoom 100 50 0 100 90 0 videos.
action proposals in long duration uncut videos. C3:Camera3 941 04 1 90.0 56.0 V3 |akeSid 100 100 232 oF * Results show that
* Propose a clustering algorithm to segment the MHIS | c4:Camerad 88 2 62 5 20 4 52 () | ‘f’l eol0e | | de_te_ctlon of Energy
iINto actions and nonaction Segments_ C5:Cameras 04 1 670 43 1 20 3 V4I|brary 100 100 100 100 minima from the Energy
» PMHI is unsupervised; hence, it does not require | cg-camera6  71.0 670 20.0 44 1 V/5:park 50 100 33.3 100 of MHIs can discriminate
prior ”ai”ing-f el vt of e | CT:Camera7 941 762 50.0 30.0  Average 860 833 573 821 gg;"":ft?oﬁcrté%?gnasnd
 PMHI outpertorms the recall rate of recent methods . -
C8:Camera8 100 100 50.0 53.0
i- PMHI outperf d APT for both datasets. accurately:.
on the MuHAVI-uncut dataset as well as the CVPR Average 36.1 74 6 60.3 48 0 outperiorme Or DOIN aatasets y

2012 Change Detection dataset (CCD).




