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and drug discovery. : : ?3-"- : unavoidable

< Well-known software packages for analyzing bacterial cell-movies are, | : T _ : segmentation and @,
among others, Oufti, Schnitzcells and SuperSegger. : : o 5" : tracking errors BT

% The inability of state-of-the-art software to process complex cell-movies | §_ g . can be corrected
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well as identify and correct inevitable segmentation and tracking errors : ! ool X : powerful FLT

» perform analytics on single-cell data extracted from cell-movies E E N > ; i representation of
orocessed with different image analysis software in different granularity | 3 £ .. & ! cell movies and
evels (per frame, per subpopulation, per colony, per generation), : : £ q E associated
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Results and Discussion : : I
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Overview of the BaSCA computational pipeline E E 2 i < BaSCA extracts the forest of lineage and division trees of large complex

| | N > § bacterial communities and maps and visualizes the distribution of single-
f\ ! ! 2 : o & cell attributes over them.
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Construction ! ! ! _ . _
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