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Introduction Experiments

Denoising with CNNs for 4-D Light Field Signals Training Details

CNN architecture: the same as VDSR [1], but the number of layers is different.
The total number of layers for the entire process pipeline: 30

Training dataset: gray-scale versions of the Stanford Light Field Archive
Training samples: 10000 blocks (the block size is 17 X 17 X 17 x 17)

The size of mini-batch: 200 (for a single CNN) and 10 (for cascaded CNNs)
The number of epochs: 20 (for a single CNN) and 10 (for cascaded CNNs)
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Cascading 2-D CNNs for 4-D Light Field 13

Keypoint: Cascading several CNNs, each of which works only on 2-D subspace of the full 4-D LFs ; !
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