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GOMP  12.55 11.90 14.68 0.58 5.09 4.38 GOMP 3.3389 3.3872
CoSaMP 15.88 12.78 17.56 0.61 492 6.23 CoSaMP 10.7602 20.7146 Conclusion
CMP 6.12 9.00 11.25 0.0133 5.22 6.21 CMP 2.2025 2.5580

Proposed 5.89 7.97 10.85 0.0015 4.73 3.96 KNS-OMP (p = 1.5) 1.2078e-05 0.0227

KNS-OMP (p = 1.7) 0.0043 0.0158

« Develop a non-second order statistics-based loss function
to enhance the robustness of performance of the

orthogonal pursuit algorithm.

» Result in greater noise resistance and occlusion detection

o Chi-Square Exponential ~Student ability and improved performances in applications of
§ § 10! Q12 signal recovery and image reconstruction.
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Figure: Weight images from CMP and the proposed algorithm. (a) 9 05| Q S
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Figure: Average recovery error of the KNS-OMP with different p values with different types of noise.



