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Introduction

® Dictionary learning (DL) is an important
research topic
® Sparse representation improves robustness

® We propose a supervised DL method for
classification

® Traditional DL inserts sparseness measures
(4 or ¢1-norm) into the cost function to
induce sparse representation

Sparseness measures are usually non-
smooth or even discontinuous, hence the
iterative solving method can be time-
consuming

In supervised DL, the discriminative
characteristics among sub-dictionaries and
representative coefficients are not well
exploited

Contribution

® Out-of-Label suppression and Cluster
regularization are proposed

® The learned discriminative dictionary is
ready for classification

® Analytical solution is obtained for sub-
problems due to the use of -norm

regularization

The Proposed Model
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Experimental Results
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