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Device-free passive (non-cooperative) localization systems Contributions

- A novel and analytically tractable model for prediction of the
body-induced propagation loss is developed. The model is
suitable for DFL applications [3]: the dominant static component
and the stochastic fluctuations of the power loss are derived as a
function of the target location.
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- The model, that extends the validity of the one employed in
[4],[5] for objects placed only along the line-of-sight (LOS) path, is
exploited to analytically compute the Cramer-Rao Lower Bound
(CRLB) to evaluate the theoretical limits to localization accuracy

over a 2D link area.
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Physical modeling of human induced shadowing
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Experimental model validation Localization accuracy bounds (CRLB)
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