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ABSTRACT 

 

Head related transfer function (HRTF) is widely used in 3D 

audio reproduction, especially over headphones. 

Conventionally, HRTF database is acquired at discrete 

directions and the acquisition process is time-consuming. 

Recent works have been proposed to improve HRTF 

acquisition efficiency via continuous acquisition. However, 

these HRTF acquisition techniques still require subject to sit 

still (with limited head movement) in a rotating chair. In this 

paper, we further relax the head movement constraint during 

acquisition by using a head tracker. The proposed 

continuous HRTF acquisition technique relies on the 

activation based normalized least-mean-square (ANLMS) 

algorithm to extract HRTF on the fly. Experimental results 

validated the accuracy of the proposed technique, when 

compared with the standard static acquisition technique. 

 

Index Terms— Head related transfer function, least-

mean-square, fast acquisition , unconstrained movements 

 

1. INTRODUCTION 

Binaural rendering is an important and popular technique for 

virtual auditory display and 3D audio reproduction [1], [2]. 

Head related transfer functions (HRTF, or its time-domain 

representation, HRIR), are fundamental in binaural 

rendering [3]. However, the measured HRTFs vary from 

person to person [4], [5], [6]. Therefore, to recreate an 

immersive listening experience using binaural rendering, 

individualized HRTF is required [7], [8], [23]. In general, 

individualized HRTFs can be obtained from direct acoustic 

measurements [21] with interpolation [24], [25], perceptual 

feedbacks [26]-[28], using special frontal projection emitters 

[29], and anthropometry measurements [30]-[36]. 

Obtaining individualized HRTF requires individual 

acoustic measurements with subjects sitting in an anechoic 

chamber and a loudspeaker, located at a particular direction 

and distance, emits an excitation signal. This signal is 

captured by a binaural microphone placed at the entrance of 

the block ear canal [1], [4] of a human. Conventional 

techniques to measure HRTFs are conducted at discrete 

positions in a “start-stop-move” manner [9]. Consider 360° 

of each plane and HRTF measurements require an azimuthal 

resolution of 5° [10], this process could take hours to 

complete. Therefore, there are extensive efforts to reduce 

the measurement duration. Interpolation has been widely 

used to reduce the angular resolution of the HRTF 

measurements [11]. In [12], Pulkki et al. proposed to use a 

rotating loudspeaker rather than a static loudspeaker at 

discrete positions. Since the directions in HRTF acquisition 

are relative between the loudspeaker position and 

orientation of human subjects, rotating the human subject is 

equivalent to rotating loudspeaker. Considering the 

compactness of the facilities of the rotating setup, rotating 

the human subject is more advantageous than rotating the 

loudspeaker [13]. In [14], Enzer employed a least-mean-

square (LMS) adaptive technique to estimate HRTF from 1-

D (horizontal plane) continuous measurements, which is 

also extended to 3-D [15] and continuous HRTF fields [16]. 

Frequency domain adaptive filtering techniques could also 

be employed, as reported [17]. Studies in [18] validated the 

efficacy of continuous HRTF measurements.  

However, the existing continuous HRTF measurements 

still require a rotating machine and subjects have to sit still 

on the chair, which sometimes could be painstaking or 

impractical [19]. Also, it can only measure the HRTFs of 

sitting posture rather than a conventional standing posture. 

To further relax the human subjects in HRTF measurement, 

we propose a new, fast and unconstrained continuous HRTF 

measurement system in this paper. In this system, the 

subject is free to rotate his/her head (or body), and its 

movement is automatically captured by a head-tracker 

equipped on the head of the subject. Binaural recordings are 

also simultaneously measured and synchronized with the 

excitation signal, as well as the subject movement data. We 

propose activation based normalized LMS (ANLMS) 

technique to estimate HRTF from this system. In the next 

section, we will formulate the problem and present the 

algorithm, which is followed by the simulation results. 

2. PROBLEM STATEMENT 

As shown in Fig. 1, in the proposed system, we emit an 

input excitation signal   x n from a loudspeaker, and record 
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the binaural signal  y n at the blocked ear (left and right) 

position of the listener and obtain the direction information 

of the head (or even torso) movement  n through a head-

tracking device. It is important that the three signals are 

captured synchronously. Given these three signals as input, 

our aim is to obtain the HRTF of the subject via an adaptive 

filter. Note that the HRTF can only be derived at the 

measured directions that the listener has rotated to. In order 

to achieve denser HRTF measurements, subject has to move 

his/her head to cover wider locations. In the following, we 

will only show the derivation of one side of the HRTF, as 

the other side can be obtained similarly.  

Next, we introduce our signal model. Based on the linear 

time-invariant (LTI) system, we can express the binaurally 

recorded signal as   
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where  , ( )h l n represents one sample of the HRIR (left or 

right) for the dynamically varying direction  n . Here, 

 n  has been linearly interpolated to match the sampling 

rate of the audio signal since the head-tracker usually 

employs a much lower sampling rate, compared to the 

audio signals. The total length of HRIR is L. ( )v n refers to 

the measurement and model noise. And the vectors are 

expressed as follows: 
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To account for the free movement of the head and the 

resulting direction ( )n , we can rewrite (1) as: 

( ) ( ) ( ) ( ),T Ty n n n v n d H x           (3)  

where      1 2, , , K     H h h h  is a matrix 

representation of K discrete HRIRs to be estimated, and 
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T
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n


d  is the direction activation 

vector, which has a value of one only at position that 

corresponds to the direction ( )n , and zero for the other 

directions. The advantage of (3) is that it simplifies the 

change of HRTF filters into the change of the direction 

activation vector. This could better account for the free 

movements and the associated randomly updated directions. 

3. ACTIVATION BASED NLMS ALGORITHM  

To solve the problem in (3), we extended the NLMS 

algorithm used in [14] that estimates HRIR from the 

measurement based on a fixed speed rotating setup. The 

adaptive filter updating equation is expressed as 
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where     ˆ( ) ( )T T

ne n y n n n d H x . We refer this algorithm 

as activation based NLMS (ANLMS). In fact, at each time 

n, only one HRIR filter is updated since ( )nd has only one 

non-zero value each time. This implies that our ANLMS 

exhibits the same computational complexity as NLMS [14], 

but requires more memory (K times) to store all HRTFs at 

each iteration. 

To evaluate the performance of the proposed system, we 

compute the normalized mean-square error (NMSE) of 

HRIR estimation [14], [15], which is written as: 
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Lower NMSE values indicate a better HRIR accuracy. Note 

that other factors that affect the performance include: step 

size, signal–to-noise ratio, and rotation speed (or the rotation 

duration for a certain range of directions). Next, we conduct 

simulations to evaluate the performance of the proposed 

system. 

4. SIMULATION RESULTS AND DISCUSSIONS  

To evaluate the proposed HRTF measurement system, we 

conducted a simulation experiment. The experiment 

simulates binaural recording using signal model (3), i.e., 

applying dynamic filtering to the input signal. The HRTF in 

this experiment is selected from the CIPIC HRTF database 

[21] (subject 008). The input signal is a white noise, though 

according to studies in [37], there are other choices, such as 
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Fig. 1 An overview of the proposed fast and unconstrained 

continuous HRTF measurement system 

Table I Settings of the five experiments 

# 
Rotation 

style 

Step size 

μ 

Rotation 

duration(s) 

SNRx 

(dB) 

Azimuthal 

resolution 

1 
Random 

and fixed 
0.1 10 30 5° 

2 Random 
[0.01, 0.05, 
0.1, 0.5, 1] 

10 30 5° 

3 Random 0.1 [1, 5, 10, 15] 30 5° 

4 Random 0.1 10 
[20, 30, 

40] 
5° 

5 
Random 
and fixed 

0.1 10 30 5°, 1° 
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multiple exponential sweep, perfect sequences, etc. The 

directions considered is from -45° to 45° azimuth with 

elevation set as 0°. The length of HRIR is L = 200 samples, 

at a sampling rate of 44,100 Hz. The sampling rate of the 

head tracked is simulated at 250 Hz. To simulate the 

binaural recording, we convolve the excitation signal with 

the HRTF from -45° to 45° (in step of 5°), which results in a 

total of K=19 HRTFs. The measurement and model noise  

 v n  is also generated using white noise, at different level 

of SNR. We consider the SNR at the source as 

   
2 2

10 2 2
SNR 10logx E x n E v n 

 
. By default, we set 

SNRx at 30 dB. Other default settings include step size of μ 

= 0.1, rotation duration = 10s. In the following, we consider 

five experiments, where the settings are specified in Table I. 

The NMSE results only consider the HRTFs of the left ear. 

In the first experiment, we compare the random 

movement (currently, only random rotation style is 

considered) with the fixed constant speed rotation (as used 

in previous continuous HRTF measurements [14]). Fig. 2 

shows the duration of each direction from a randomized 

rotation. In Fig. 3, we plot the NMSE results for different 

directions. It can be seen that the NMSE is quite low, from -

45 dB at -45° to -25 dB at 45°. The inferior performance at 

the positive direction is because those HRTFs have lower 

amplitude compared to the HRTF of the negative directions. 

To validate this, we compute the SNR at the binaural 

recording as        
2 2

10 22
SNR 10log *y E x h n E v n       

, 

which is also plotted in Fig. 3. Clearly, the lower the SNRy, 

the worse the NMSE. Furthermore, we also illustrated the 

results of the fixed speed rotation case (as used in [14]) in 

Fig. 3, and observed that the NMSE is quite close. This 

implies that either using a random rotation or fixed speed 

rotation, the accuracy of HRTF measurement is comparable, 

and thus, it validates the efficacy of the proposed system. A 

further analysis shows that the HRIR estimation errors for 

the 19 directions are insignificant. 
In the second experiment, we examine the effect of the 

step size, as shown in Fig. 4. Clearly, the performance is 

quite poor when the step size is too small (μ = 0.01) or too 

large (μ = 0.5, 1). Better performance are achieved with step 

size of μ = 0.05, 0.1. 

In the third experiment, we examine the effect of the 

rotation speed or rotation time. In any HRTF measurement, 

it is more desirable to reduce the measurement time. 

However, reducing the measurement time could have an 

adverse effect on the HRTF measurement accuracy. Based 

on the results in Fig. 5, at least 5s is needed to cover a 90° 

range. That is to say, for 360°, this is equivalent to the 

revolution time of 20s.  

In the fourth experiment, we examine the effect of the 

SNR. As shown in Fig. 6, higher SNR leads to lower 

NMSE, especially at the ipsilateral directions. 
In actual binaural recording, the azimuth resolution is 

very small. In order to simulate the actual binaural recording 

better, a smaller azimuthal resolution is required for binaural 

synthesis. In the last experiment, we evaluate the effect of 

the azimuthal direction resolution in the binaural synthesis. 

It can be observed from Fig. 7 that using a more coarse 

resolution in the ANLMS model (5°) than in the simulated 

binaural recording (1°) would result in 20-30 dB worse of 

NMSE, compared to the matched resolution of 5°. 

Increasing the azimuth resolution in ANLMS model (1°) 

improves the NMSE by 5-10 dB and obtains HRTFs at more 

directions (every 1°). Notably, this observation is common 

in both random and fixed rotation cases. Thus, we conclude 

that including more HRTFs (i.e., increase K) with finer 

resolution in the signal model stated in (3) could better 

match the actual binaural recording and lead to 

improvements on the HRTF measurement accuracy. 
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5. CONCLUSIONS 

In this paper, we introduced a novel, fast and unconstrained 

continuous HRTF measurement system, where the subjects 

are free to move (rotate) their head. With a head-tracker, the 

head movement information is automatically recorded, 

together with the binaural signals and the excitation signal. 

Employing the activation based NLMS algorithm, we can 

obtain a set of HRTFs with accuracy comparable to the 

conventional continuous HRTF measurement with fixed 

speed rotation (negligible difference). Simulations using 

synthesized binaural signals validate the effectiveness of the 

proposed system. Future work includes the subjective 

evaluation (using ABX test) of the proposed method.  
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