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INTRODUCTION

Accurate gesture .recogni':im S "nporta.nf for.a number of addressing hand gesture
applications including human computer interaction, prosthesis

control and rehabilitation gaming. Surface electromyography recognition based on sEMG
(sEMG) signals measured from the forearm contain useful
information for decoding muscle activity and hand motion.

as sequence classification

In the era of Deep Learning, the problem of gesture recognitior with TCN improved accuracy
s often addressed as an image classification task using by 59
Convolutional Neural Networks (CNN). In this paper, we approacr

SEMG-based hand gesture recognition as a sequence
classification problem using Temporal Convolutional Networks

(TCN).
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