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PRELIMINARY RESULT

INTRODUCTION

Recommendation system, can be considered as software which provides the suggestion to link the
juser s preference on context thought information filtering and decision support system based on the
Icollected data.

‘

Customer Group: Payroll Oriented
Froguct]

v’ Data: dataset from Kaggle Santander
competition which includes customers
demographic and their history of purchase

Collaborative Filtering

v" Input data: user demographic data + score of all product
v" direct product
v" Output result: Score of one product to one customer

Fig. 1: The process of the proposed fuzzy personalized scoring model.
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