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Experimental Setup

Dataset
« Dataset of recorded rat neocortex neuron stimulus and voltage from the

International Competition on Quantitative Single-Neuron Modeling 200913

Tools & Initialization Problem: Sensitive to
« GA: DEAP? library / a set of random genes the initial condition

« CMA-ES: Hansen's® Tookit / a random gene

Average results of GA/CMA-ES  Aggregated GA/CMA-ES
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A: Generation
» Needs larger population size for

good performance
« Needs more generations for
g convergence
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Conclusion
« CMA-ES's averaged performance outperforms GA and Nelder-Mead method

« Aggregated CMA-ES s robust against the initial condition



