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The Problem

Now the architecture of the crowd counting is difficult to
represent highly variable crowd images but the images under

S B L The formula of adaptively recalibrate the weight:
similar scenario seem to have the same prediction pattern.

w = arctan(sigmod(w)) *5
we have presented a novel architecture for high-density

population counting, which focuses on the implicit
discovery and dynamic modeling of scenarios.

During training, we employ the stochastic gradient descent (SGD).
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