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We backward propagate the score map to obtain two attention

Precision Plot Success Plot

* RGB-Thermal object tracking attempts to locate target object maps for each proposal, including positive attention map 4, —owiosss ﬁ og!—iljl
using complementary visual and thermal infrared data and negative attention map A, , then calculating the —Séz‘;é[.?;;“j“""‘)"'l‘ z'j*:é‘;’léifi.?emﬁfﬂ-
m— Staple[0.751 = e | Staple-CA[0.614

Staple-CA[0.744]
m BACF[0.732]

SRDCF[0.719]
== CCOT[0.712]
s CFnet[0.705]

m—— Staple[0.608]
- | m— BACF[0.605]
SRDCF[0.591]
- | w— ACFN[0.576]
m CFnet[0.571]

o
o

regularization terms for positive(y=1) and negative(y=0) samples:
* How to learn discriminative and robust features is an import
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Proposals (b). The tracking results of RGBT-234 dataset.

Prediction: * To address this limitation, we propose a global proposal
generating network to generate the proposals from the whole
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Table 1. The tracking results with different values of .
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