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Problem

Everyday millions of short videos are
generated and distributed by users with different
Interests and cultures. To accurately categorize
the video contents In real time has become ¢
practical and challenging demand in industry [1].

Moreover, short videos often have riche
semantic information than the single-action clips
And depending on Its content, a short video will
be labelled with multiple labels from them.
Therefore it’s also referred to as a multi-label
classification problem|2].
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Contributions
We propose a new system to achieve both Results

real-time and multi-label classification for short

videos. Acc=86.2%, Time=29./ms/Video
We develop three modules to improve the e ﬂ> e N - Ace

multi-label classification accuracy. AL Y 1 '”" — 86.5%
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* An activation regulating layer Is added before
the output’s sigmoid function, enhancing the
CNN’s discriminant ability for each label.

* A label imbalance-aware training loss Is used
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to reduce the influence brought by the N RS SRR R me(ms]
majority irrelevant labels.
« A label-correlated  post-processing s ) Reference

Involved to fuse the 1mage-level results
adaptively and exploit the label relationship
for the multi-label video classification.
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