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Motivation & Contributions

Motivation
 Children's exposure to violence has become a severe problem
with the rapid development of Internet.

Violence Rating Prediction

 Using two-stream network to extract features for each video

 Rank learning on video violence rating
Learning phase
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e Have body touch
e Don’t have body touch

e Don’t have explosion
e Have explosion

No weapon
Hold a weapon
Use a weapon

Act on the opponent
Act towards the screen
Other direction

c. Maximum Gaussian likelihood prediction
L* = argmax;, P(W" f*|uy, ox)*

Experiments

 Dataset: weapon possession attribute
* Training data: 1,095; Test data: 364
e Network: Alexnet, VGG16, Resnet-50

Conclusion

* We provide a novel violent video dataset with 6 objective

attributes and one subject violence level.

* We propose a violence rating prediction method. It can fully

utilize the pairwise relationship between different videos.




