THERMAL FACE RECOGNITION BASED ON PHYSIOLOGICAL INFORMATION
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ABSTRACT THE PROPOSED METHOD EXPERIMENTAL RESULTS
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22 extracted points are used to train

linear SVC, and classifier calculates Performance with each image dataset for face recognition (PUCV-TTF and UCH-TTF databases)
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Face recognition is generally important for many applications such as the SUppOrt Vectors ana USES th.em to Recognition rate

video surveillance, homeland security and identity management find a hyperplane for classification. In Normal | Occlusion | Noise 2.5%  Noise 5% | Noise 10%
. ' . . L o testing phase, the support vector of ]

The main spectrum of infrared for captured image is divided into 22 points are selected at testing Fi)ma . i calfti)lated v the Linear SVC PUCV-TTH 23'; :g'zé gz';j :2'22 :8'23

near infrared (NIR) and thermal infrared (TIR). The physiological positions where there are veins IineargSVC iprobability value Z)lf the UCH-TTF ' ' ' ' >

i i i i i i and capillaries that cross the '

information of face thermal imaging is a dynamic temperature P new feature vector calculated by each CONCLUSION

face[3]. The black block is a
neighborhood of 3 x 3 pixels
centered at every point of the

distribution from the heat transferred by the blood in the surface
blood vessels, whose temperature gradually decreases toward the
surrounding tissue.

An effective thermal face recognition based on physiological
information has been proposed. The novelty of our method is that
we propose the first research article that applies temperature

linear SVC for the corresponding
category is exploited to identify which
category it belongs to.

Thermal face imaging may be affected by many factors such as grid. information in face recognition. Experimental results demonstrate
physiological, environmental, and imaging conditions [1]. EXPERIMENT DATASET the impressive results of the proposed method.
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