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MaNGAN:

ASSISTING COLORIZATION

OF MANGA CHARALTERS LONCEPT ART
using Conditional GAN
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Search
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Tags
+ - 2girls 240100
+ - \m/ 2203

+ - artist name 48774
- asterisk kome 28
- baton 920
- belt 67

+

+

+

+

+ - black footwear 15113
+ - black neckwear 7121
+ - blonde hair 471058
+ - boots 134914

+ - bracelet 42391
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- brown hair 443445

- brown wings 136

- cape 69323

- cosplay 42419

- costume switch 2622

- earphones 2972

- full body 102825
+ - gradient hair 15444
+ - grey background 28684
+ - hat 424221
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ArcHimecTuRe: GAN







MY ARCHITECTURE  «ccn

Generator

Input

Generator
Output

Discriminator

Input

Discriminator

Real

or
Fake?

Discriminator
Prediction

== Conv
== Deconv
== Residual

== Dense




HOW TO TRAIN YOUR GAN
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HOW TO TRAIN YOUR GAN 2
- ONE-SIDED LABEL SMOOTHING
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HOW TO TRAIN YOUR G/ 3
-BATCH NORMALIZATION
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Please order the images according to the colorization quality, from best to
worst. (example: 1, 3, 4, 2)

3 RESPOSTAS




RESULTS!

COMPARISON MANGAN (OURS)
PREFERED

ORIGINAL 8 ’qu

DEEPCOLOR 5 8 675 :"
PAINTSCHAINER 87 6 L{g N




CONCLUSIONS!

- GREAT FOR TESTING COLORS

- BETTER THAN OTHERS
- STILL MAKES MANY MISTAKES




FUTURE WORK!

- MULTI-STEP PROCESS

- ARCHITECTURES
-HYPERPARAMS TESTS
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