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Introduction Bayesian Fusion Algorithm Results
The detection of surface cracks have wide commercial | Based on the consistency of the spatial and orientation of two table 1. The evaluation on the crack segmentation.
applications in road safety, building, transportation and off- | adjacent detections, xj and xi to suppress false alarm. Method frecision  Recall  Fy-scoe  JoU
shore Inspection. To perform real-time crack detection and s [12/(202) FCNS8s 05313 05860 05573  0.3863
segmentation, we follow the below steps: i =€ , SegNet 0.0768  0.2848  0.1209  0.0643
. . . . PSPNet 04193  0.1107  0.1752  0.0960
* First, we follow a seml-automatlc sampling procec!ure to e —|di—d;|/2 U Net 02797 05504 03705 02274
generate dense bounding boxes of crack patches In raw Pij—=¢€ Dilate_ResNet  0.5105  0.3281  0.3994  0.2496
images Mask R-CNN 03520 04601  0.3980  0.249]
| | | pij = (5 - p5)(p° - p95) Our method 0.5960  0.7827  0.6767  0.5114
« We use Faster R-CNN to obtain a crack detection mOdel, / ] J J Image  Ground truth PSPNet  SegNet U_Net Mask R-CNN Dilate_ResNet FCN8s  Our method

while training a ConvNet to recognize detected crack patch
orientations.

 We develop a Bayesian fusion algorithm to remove false
alarms from detected crack patches, and apply a morphology
operation to obtain crack segmentation masks In images.

Our Approach
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Fig.3 A comparison of results using selected crack images.
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