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Background = Our Goal-

Key ldea: Estimate how well fits a portrait to an impression word
based on the relative relationship between two portraits
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Portraits play an |mportant role

rtrait manipulation meth
in communication in a social netvvorklng service. / Portrait manipulation methoa

based on impression words
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- The deformation of facial features causes
an impression difference in a portrait.

» same subject
» scaling same facial feature

B Data collection and Impression estimation using the ranking method
= Future work: Implementation of Generative network based on impressions




