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Problem and Objective
* Designing immersive virtual reality systems with ODIs is challenging as they require high resolution content.

Qualitative Results

Training

3500 ODls.

Random crops of size 512x512.

Data augmentation techniques such as
rotation and flipping.

2hr training time with 12 GB NVIDIA
Titan-X GPU on an Intel Xeon E7 core i7
machine.

Inference time is 0.030 milliseconds for
each ODI.
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* Proposing improved generative adversarial network (GAN) based model for super-resolution of ODls.

* Handling artefacts obtained in the spherical observational space.

Proposed Model
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Architecture of Generator Network with corresponding block labels [14].

Architecture of the used Discriminator Network, PatchGAN [17].
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