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• Some easy (stable) classes with similar
visual content.

• Some hard classes with high variability.

• 10 classes with different complexity
levels of the Tobacco-3482 dataset.

 Solution:

 Challenges:

• Need for a Multimodal Analysis

Motivation: The Need for a Multimodal Analysis
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Image and Text Feature Learning
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How To Bridge These Two Different Modalities ?
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The generated cross-modal 
features are given by:

Cross-Modal Feature Learning
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Cross-Modal Feature Learning
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Evaluation

Table 1. Table 2.

Table 3.



Summary

• Cross-Modal Network: Learns simultaneously image and text features extracted from

document images.

• Three Feature Fusion methods to perform Cross-Modal document image classification.

• State-of-the-art results compared to single-modal and multi-modal networks.
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