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Intuition & Review of recent FER methods
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Method Overview

Benefits:
* The input dimensionality Is greatly
reduced
* The structural information is mostly
retained
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Proposed Method

1. Landmark Location

Dlib 68 landmarks Dlib 81 landmarks mtcnn 5 landmarks

2. Graph Generation
Delaunay Triangulation Voronoi Diagram Landmarks and links

FER via STSGN July 16, 2020



3. Landmark Selection based on psychology

2 X Nodes; — Node; 5

0.5 % Node, — 0.5 x\Nodeg

0.3 X LM,

LM : Original
landmarks
extracted by Dlib tdol

4. Node representation
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4. Edge representation

.\ Hop distance Euclid distance
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Table 1. Comparison on different edge’s strategy

Edge Strategy CK+ Oulu-CASIA
Visualization Euclidean 0892 83.09
Hop 08.63 87.23

. i Table 2. Comparison on CK+ and Oulu Dataset
Surprise Sadness Disgust Happy Fear anger

g — Method CK+ Oulu-CASIA
5 P 2 || A ol g “ || A WS
Initial \@ \\V-’» + il i - --V7’ % V/ STM-ExpLet 94.19 74.59
state : _ ] R LOMo 95.10 82.10
k2 ‘ T DTAGN(Joint) 97.25 81.46
A : ,..ﬁ_ A DAUGN 97.67 84.28
Transition :\\.,7 isy A R ; \( N i PHRNN-MSCNN 97.78 86.25
b \V \V ’ RCFN 97.84 86.94
state Y L : Lol
i E STSGN-G 90.24 56.82
= \
Peak A e STSGN-A 95.71 64.14
| STSGN 98.63 87.23
state B .
o’ I The bolder one means best.
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Conclusion Future work

* spatial-temporal facial graph * Better topology (dynamic graph)
* spatial-temporal graph convolutional network ¢ Better network
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