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Auditory Attention Decoding Algorithms
Current hearing devices fail in cocktail party scenarios as they Traditional AAD algorithms, which reconstruct the AA? accuracy
X lack information on the targeted speaker stimulus, suffer from an accuracy-time resolution tradeoff.
Solution An alternative is decoding the spatial focus of auditory - 1
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using Riemannian geometry-based classifiers

Riemannian Geometry-Based Classification (RGC) Results
It can be shown that — theoretically — the CSP method is implicitly classifying covariance matrices3. This, The results show that:
however, results in a mismatch between the differentiable Riemannian manifold on which covariance matrices * The RGC-based approach AAD accuracy
live and the Euclidean space assumed by a classifier: outperforms the state-of- r
the-art CSP method
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Given the differentiable Riemannian manifold, we can project each estimation 0 e
covariance matrix first on the Euclidean tangent space onto the - » The RGC-based approach |
Riemannian mean of the training set, in which the Euclidean distances now almost at all time 05 L
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