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Table 3. Comparisons among different ordinal regression modellings.

Predicted age: P =Y T(x) (1) ® Counting distribution matrix:  C(x) = [é; 55 .o Cre—1]
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® The Conflicts may emerge in practice, such as 7,,, = 0 whereas

o=l ® Estimated age: § = index(max é(x))



