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Introduction Statistical Properties of WP Estimator Extension: WP Estimator in Presence of Outliers
The Welch'’s overlapped segment averaging (WOSA) method (Welch, 1967) is Statistical properties of WP estimator can be derived from order statistics and The WP estimator performs well if the percentage of outliers is small (<5 %,).
a popular approach for estimating power spectral densities (PSDs) of stochastic spectral estimation theory. For a large percentage of outliers, the estimator becomes increasingly biased
signals. The estimation Is performed by dividing the signal into K potentially compared to the true PSD (see Figure 5). To avoid this bias the original values for

= Bias of Quantile:

overlapping segments of length NV, computing the periodogram P for each seg- g and K in Equation (1) - (4) have to be modified by a factor e, which represents
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