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Background

 Voice Conversion
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Background

* Voice Conversion
* Previous method (Disentanglement-based)

Assumption: Speech information consists of speaker style and content information.

w Speaker A Style
@ [
1l b4 i
Speaker A Speech Content
Qigi Wang (Virtual) 5

Background

* Voice Conversion
* Previous method (Disentanglement-based)
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Background

* \oice Conversion
* Shortages

— Fixed Size of Content information
Speaker A Style
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DRVC

 Speech Distanglement
» Two encoders
* Speaker Style Encoder: Eg
+ Content Encoder: Ecopn
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DRVC

« Speech Distanglement
» Generator G

g W

Speaker A Speech ¥

Speaker A Style

Content Y

%= GWe,x5) = G{Econ(Y), Es(X)})

Qigi Wang (Virtual) 9

DRVC

» Two Stage Conversion
* First Conversion
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DRVC

» Two Stage Conversion
» Second Conversion
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DRVC

 Loss Function
* Cycle Loss
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DRVC =4

* Loss Function

» Same Loss
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 Loss Function
* Domain Loss
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DRVC

* Loss Function
» Adversarial Loss
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Experiments
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Experiments

* Result
« MCD & MOS

Table 1. Comparison of different models in any-to-any and

many-to-many. | means lower score is better, and {} means
bigger score is better.

Methods Any-to-Any Many-to-Many
MCD |} MOS1r MCDJ} MOSA:
Real - 4.65 +0.12 - 4.66 + 0.21
VQVC+ 747+007 2524042 7.798+007 2.62+022
AutoVC 769 +021 295+£056 7.61+0.17 3.17£0.65
AGAIN-VC  7424+0.19 245+034 764+£021 2474058
DRVC 739+ 005 332+036 7594004 3.51+0.52
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Experiments

* Result Tnter-gender | -
* Human Evaluation isesser mmms
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Experiments

* Result
 Ablation experiments

Table 2. Ablation experiments on the proposed model. |
means lower score is better.

Model MCDJ}
DRVC w/o Cycle Loss 7.68 £+ 0.26
DRVC w/o Identity Loss 7.63 +£0.14

DRVC w/o Domain Loss 7.72 £0.12
DRVC w/o Voice Same Loss 7.75 +£0.32
DRVC w/o Content Same Loss  7.50 + 0.32
DRVC w/o Adversarial Loss 7.72 +£0.35
DRVC 7.39 £+ 0.05
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Conclusion

» Contribution

* We propose a end-to-end framework, DRVC, to address the untangle
overlapping problem without circumspection choose the content sizes.

* Both the subjective and objective results show our model has better
performance.
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Thanks for you listening

Acknowledge & Notes:
® All anime character images are from the ‘The Legend of LUOXIAOHEI".
® The presentation speech video, including the voice and personal video, is
auto synthesis by PingAn Technology Co. Ltd.
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