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Our method: extracting multi-granularity features Retrieval with instance-level similarity
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Gallery > To efficiently utilize the complementary information from these

Person re-identification (re-ID) aims at retrieving images of a specific person “top-down” perception mechanism features, we propose a progressive retrieval manner. We first use the
from a large database. We extract instance-level, part-level and pixel-level features for an image. instance similarity to rank the gallery. Then we gradually add the

. . These features are inherently related but different in perceptual granularity.| Part-and pixel-level metric to re-rank the gallery and narrow it down.
A key challenge: occlusions — feature misalignment They can provide complementary information.
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