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•Unsupervised domain adaptation deals with leveraging the large 
labeled data available in source domain to achieve good 
performance in the target domain.
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•Drawbacks
• Inherent high dimensionality of global features involved in global 

alignment does not ensure alignment of various local semantic outputs.
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•We propose a two step approach. In the first step, we conduct global alignment using 
popular adversarial loss.
• Further, we conduct local alignment by aligning the local pixel level features which 

can further reduce the domain gap by aligning semantically encoded local outputs.
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• Local adversarial alignment. 
• It consists of a Segmentation Model G and a local discriminator D along with a mixture module. 
• For an input source image, the output map is used to calculate adversarial loss as well as the 

segmentation loss.
• For an input target image, the output map is used to calculate the adversarial loss. 

• Semantic segmentation performance in mIoU(%) on 
GTA5 to Cityscapes (GTA2City) and Synthia to 
Cityscapes (SYN2City) Adaptation task. 

• ‘R’ means the ResNet-101 and ‘V’ means the VGG-
16 backbone. Our global-local alignment approach 
shows consistent improvement over baselines.


