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Methodology

Problem Formulation

Simulation and experiment results
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Fig.1 A multipath propagation scenario.
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Performing eigen-value decomposition (EVD) on R, results In Fig. 4 Target location parameter estimate result versus the observation time. (a) DOA estimate produced by different
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Contributions

These results Indicate that JSLA outperforms the baseline methods In terms of

Since the signal-subspace and the noise-subspace are orthogonal to each other, we have

estimation accuracy and robustness.
- . - L U7 Agici||, =0, k=12 K (8)
» We propose a joint source localization and association (JSLA) algorithm in the o TRl T S | References
- - = . Non_fu _ [ det AHA
presence of multipath propagation environment; ank _: > result in a peak for | f1(0) = T (APEUG U;)A ] : [1] H. Yan and H. H. Fan, “On source association of DOA estimation under multipath propagation,” IEEE
S _ N _ _ v e im0 Signal Process. Lett., vol. 12, no. 10, pp. 717-720, Oct. 2005.
» The Initialization of path detection set, additional decorrelation preprocessing, [2] L. Rebollo-Neira and D. Lowe, “Optimized orthogonal matching pursuit approach,” IEEE Signal
and the prior information pertaining to multipath propagation scenario such as O, : the gth source association set. g = 1.2,...,G, GIs the number of possible combinations. Process. Lett., vol. 9, no. 4, pp. 137-140, Apr. 2002.
. . : , : : . - - 3] W. Xie, F. Wen, J. Liu, and Q. Wan, “Source association, DOA, and fading coefficients estimation for
- Zg , Zq.h . the number of sources that have h propagation paths in the gth [ _ _
multipath channel parameters are not required in JSLA; g : corresponding number index vector g ~ssociation set with f — 1 2p | p gDK _I;(Jrl : multipath signals,” IEEE Trans. Signal Process., vol. 65, no. 11, pp. 2773-2786, Jun. 2017.
o | [4] A. H. T. Nguyen, V. G. Reju, and A. W. H. Khong, “Directional sparse filtering for blind estimation of
» It has no specific restrictions on the array manifold. The SA can be achieved by selecting one that minimizes 7., () = Y~ s (9)among all the G combinations. underdetermined complex-valued mixing matrices,” IEEE Trans. Signal Process., vol. 68, pp. 1990-2003,
0o, Mar. 2020.




