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* Retargeting Strategy Selection

According to the camera motion, we combine different saliency
maps to guide optimization in the warping model, including 1image
saliency §, motion saliency M, disparity D, and motion history Mh.
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Retargeted stereo videos

However, existing methods 1gnore the fact that various features of
different stereo videos may have effect on the retargeting quality.
They perform resizing with the same methodology, leading to the
low quality for retargeted videos.
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* Framework
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The proposed system consists of three modules: video classification,
retargeting strategy selection and warping-based retargeting.

* Quantitative Evaluation

Difference R Mh g We conduct objective evaluation for the results using three metrics:
Panning saliency similarity measurement (SSM), temporal inconsistency

e = distortion (7TID), and disparity distortion ratio (DDr). Our method
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