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in ASD facial analysis, while the ViTASD-L ViTASD model leverages the advantages of Vision Transformers, knowledge distillation, and a Gaus-

achievest o new stater ot thesart Our code and sian Process Layer decoder to achieve state-of-the-art performance in automatically predicting ASD
pretrained models are available at https:// from facial images. An overview of our proposed framework can be seen in this figure. The goal of
github.com/IrohXu/ViTASD. ViTASD is to provide a simple yet robust baseline for pediatric ASD detection from facial images.
Thus, we aim to keep the original ViT structure without the addition of more complex modules. The

decoder of ViTASD is a lightweight multilayer perceptron (MLP) layer with an optional Gaussian
Model Transfer: layer for Out-of-Distribution (OOD) data points.

We empirically demonstrate that ViTASD
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to match performance in smaller ones. To fill
the structure gap, we introduce two distilla-
tion losses, the alignment loss Lg1;4, and the
logit KD Loss L,4:it, to substantially improve
performance of the student network. Lgign
aligns the feature distillation on the attention
maps of the shallow layers (e.g., layers 0 and
1) using Mean Square Error (MSE), where
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We report performance comparisons between ViTASD and the state-of-the-art approaches are shown
| in this table. From the results, we make the following observations. (i) A pre-trained ViT is sig-
Student ViTASD ' nificantly better in accuracy and AUROC metrics than any CNN-based methods for ASD facial
detection. (ii) The representations learned from the large-scale facial expression dataset (AffectNet)
are helpful for transfer learning in ASD. With AffectNet pretraining, the performance of ViTASD-L
further increases to 94.50 accuracy, implying the good knowledge transferability and flexibility of
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