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1. PER-CLASS RESULTS ON COCO

Table 1 shows the per-class results of SWISSyask R.onn With
box-, point-, and image-level supervision compared to the re-
sults of fully-supervised Mask R-CNN on the COCO test-dev
split. All results are given in terms of AP.

2. DETAILS ON ANNOTATION SCHEMES

In the following, for each novel annotation scheme A, B, and
C on the COCO dataset introduced in Sec. 4.5 of the main
paper, the classes per supervision type (mask, box, or point)
are given.

Annotation Scheme A

Mask supervision Person, Bicycle, Train, Boat,
Traffic light, Hydrant, Parking meter,
Bench, Bird, Horse, Cow, Bear, Tie,
Frisbee, Skis, Snowboard, Sports ball,
Kite, Baseball bat, Baseball glove,
Skateboard, Surfboard, Tennis racket,
Bottle, Cup, Bowl, Banana, Sandwich,
Orange, Broccoli, Carrot, Hot dog, Pizza,
Donut, Cake, Chair, Couch, Potted plant,
Bed, Dining table, Toilet, TV, Remote,
Cell phone, Microwave, Oven, Toaster,
Sink,Refrigerator,Clock, Vase, Scissors

Box supervision Car, Motorcycle, Airplane,
Bus, Truck, Stop sign, Cat, Dog, Sheep,
Elephant, Zebra, Giraffe, Backpack,
Umbrella, Handbag, Suitcase, Wine glass,
Fork, Knife, Spoon, Apple, Laptop, Mouse,
Keyboard, Book, Teddy bear, Hair drier,
Toothbrush

Annotation Scheme B

Mask supervision Bicycle, Traffic light,
Bench, Bird, Tie, Skis, Snowboard, Sports
ball, Kite, Baseball bat, Bowl, Banana,

Sandwich, Broccoli, Hot dog, Cake, Couch,
Potted plant, Bed, Dining table, Oven,
Toaster, Scissors

Box supervision Person, Car, Motorcycle,

Airplane, Bus, Train, Truck, Boat, Hydrant,
Stop sign, Parking meter, Cat, Dog,
Horse, Sheep, Cow, Elephant, Bear, Zebra,
Giraffe, Backpack, Umbrella, Handbag,
Suitcase, Frisbee, Baseball glove,
Skateboard, Surfboard, Tennis racket,
Bottle, Wine glass, Cup, Fork, Knife,
Spoon, Apple, Orange, Carrot, Pizza, Donut,
Chair, Toilet, TV, Laptop, Mouse, Remote,
Keyboard, Cell phone, Microwave, Sink,
Refrigerator, Book, Clock, Vase, Teddy
bear,Hair drier, Toothbrush

Annotation Scheme C

Box supervision Person, Bicycle, Bench, Bowl, Hot

dog, Pizza, Chair, Couch, Potted plant, TV,
Laptop, Bed,Dining table, Scissors

Point supervision Car, Motorcycle, Airplane,

Bus, Train, Truck, Boat, Traffic light,
Hydrant, Stop sign, Parking meter, Bird,
Cat, Dog, Horse, Sheep, Cow, Elephant,
Bear, Zebra, Giraffe, Backpack, Umbrella,
Handbag, Tie, Suitcase, Frisbee, Skis,
Snowboard, Sports ball, Kite, Baseball
glove, Baseball bat, Skateboard,
Surfboard, Tennis racket, Bottle,
Wine glass, Cup, Fork, Knife, Spoon,
Banana, Apple, Sandwich, Orange, Broccoli,
Carrot, Donut, Cake, Toilet, Mouse, Remote,
Keyboard, Cell phone, Microwave, Oven,
Toaster, Sink, Refrigerator, Book, Clock,
Vase, Teddy bear,Hair drier, Toothbrush



Table 1. Per-class AP results of Mask R-CNN and SWISSy. r-cnn 0n the COCO fest-dev split. The supervision types are full
supervision with mask (M) and weak supervision with boxes (B3), points (P), or image-level (Z) annotations.

Mask R-CNN SWISSMaSk R-CNN Mask R-CNN SWISSMaSk R-CNN

Class M B D T Class M B D T

Person 453 43.8 143 12.7 | Wine glass 30.2 30.8 253 17.7
Bicycle 17.0 137 82 4.6 | Cup 41.2 40.1 35.1 29.0
Car 37.6 37.3 329 19.7 | Fork 11.9 13.1 11.3 8.8
Motorcycle 304 30.6 22.6 15.4 | Knife 114 119 8.3 5.6
Airplane 43.2 43.0 389 32.6 | Spoon 10.1 10.0 8.6 5.6
Bus 65.4 657 493 47.8 | Bowl 36.5 222 144 176
Train 61.7 60.0 522 504 | Banana 20.8 19.1 108 7.8
Truck 30.6 31.7 248 19.7 | Apple 24.7 24.6 232 19.1
Boat 23.3 22.8 19.8 13.3 | Sandwich 32.2 29.7 9.0 7.5
Traffic light 304 28.8 21.9 16.2 | Orange 28.9 284 254 195
Hydrant 59.0 57.1 48.5 46.6 | Broccoli 25.5 240 18.8 14.6
Stop sign 68.6 68.0 60.4 469 | Carrot 16.5 157 152 113
Parking meter 43.9 43.0 26.1 245 | Hotdog 243 19.1 101 42
Bench 16.4 154 104 9.4 | Pizza 55.9 54.8 447 498
Bird 30.1 28.5 27.0 19.5 | Donut 50.0 48.3 338 19.6
Cat 60.0 60.2 58.0 55.6 | Cake 30.4 28.5 189 16.6
Dog 51.1 51.6 47.4 457 | Chair 17.9 176 139 7.8
Horse 40.8 38.8 38.3 30.6 | Couch 30.3 24.1 4.6 3.0
Sheep 444 444 43.0 29.2 | Potted plant 20.3 18.7 9.1 6.8
Cow 43.9 427 414 289 | Bed 34.8 182 9.6 6.8
Elephant 59.7 587 56.9 43.8 | Dining table 16.7 3.5 3.6 1.9
Bear 68.1 65.0 62.6 59.2 | Toilet 58.0 56.0 212 212
Zebra 51.9 50.7 505 405 | TV 55.3 543 284 408
Giraffe 49.8 49.8 48.4 443 | Laptop 57.3 58.7 27.8 440
Backpack 18.9 19.0 16.7 12.4 | Mouse 54.6 544 512 40.6
Umbrella 434 43.6 40.6 33.9 | Remote 27.8 269 238 185
Handbag 13.4 145 123 7.3 | Keyboard 49.1 50.5 36.7 30.1
Tie 32.6 30.5 263 17.4 | Cell phone 30.1 29.3 20.0 19.7
Suitcase 34.3 345 31.7 22.1 | Microwave 56.2 55.6 143 14.1
Frisbee 53.1 51.0 47.8 469 | Oven 33.5 302 7.7 8.8
Skis 2.4 1.7 0.1 0.1 | Toaster 21.2 157 160 7.0
Snowboard 21.7 199 156 7.8 | Sink 34.2 33.6 263 21.7
Sports ball 49.7 4577 429 35.7 | Refrigerator 473 4577 262 209
Kite 33.9 309 27.0 14.8 | Book 8.9 9.4 6.9 40
Baseball bat 26.5 245 232 19.2 | Clock 49.6 48.5 426 384
Baseball glove 38.3 36.8 354 24.1 | Vase 39.6 38.7 34.6 155
Skateboard 25.8 25,5 18.7 9.6 | Scissors 16.5 140 5.6 3.5
Surfboard 28.8 284 225 20.7 | Teddy bear 37.2 37.7 239 19.2
Tennis racket 53.1 51.9 459 41.6 | Hair drier 2.3 2.3 0.6 0.0
Bottle 36.1 352 25.5 21.2 | Toothbrush 9.9 10,6 7.1 4.3




