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INTRODUCTION

Blood pressure variability at daytime and nighttime, also known as BP dip,
has shown its clinical value in diagnosis of cardiovascular diseases. Although

the ambulatory BP monitoring (ABPM) device can help to acquire the BP
trend in a day, the inflation of the cuff disrupts sleep. Therefore, we aim to
develop a solution for 24-hour BP estimation using wearable devices, without

interfering nighttime sleep.
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MODEL

To construct a personal model for 24-hour BP estimation, we propose to
use the model agnostic meta learning (MAML) technique [1], which can
enhance the capability of the model to adapt quickly to a new task, namely
the personal BP trend, with minimal K training data.
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A. Detect Cuff Inflation

We had to isolate 1-minute PPG and ACC signals corresponding to each

EXPERIMENTAL RESULTS

The scatter plots of SBP and DBP estimation results versus reference
values for K = 5. Different symbols are used for respective subjects indicated
in the legend. We also lists the comparison results of the related paper
presenting diurnal and nocturnal BP estimations for tracking BP variability [2].

Our proposed approach provides better estimation and shows the
feasibility for 24-hour BP tracking in free-living condition with wrist PPG
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