—
>
W8
o ol & "". &,
ATernartiong
mn A~
- A
< .-,o-

Semi-Supervised Domain Adaptation
s for EEG-based Sleep Stage Classification
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Why sleep stage classification?
@) Facilitates diagnosis and treatment of sleep disorders

2 Optimizes sleep environments and enhances sleep quality

@ Explores links between sleep and overall health
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@ Understanding the physiological intricacies of sleep

\ We propose a Transformer-based SSDA
| approach, using two class tokens to learn
corresponding knowledge from the source
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The proposed training-test strategy with adaptive entropy-weighted

ensemble
Results & Conclusions
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tegy with adaptive ensemble. Experiments on two sleep stage

classification datasets demonstrated the superior performance of our approach.



